Precise Quantum Angle Generator
Designed for Noisy QuantumDevices
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Quantum Angle Generator Inference evaluation

- Use case: Simulation of shower Correlations:
images from electromagnetic Geant4 QAG
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» Model: Quantum generative model that employs angle encoding.

— Encoding: classical images into a quantum state, by turning pixel 1251 == gif;”t“ 041 == giznt“
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Loss values

Current objectives:
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